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DEFINING TECHNOLOGY

Towards Multilingual Automatic
Open-Domain Dialogue Evaluation

John Mendoncga, Alon Lavie and Isabel Trancoso

How can we make Dialogue Evaluation metrics multilingual?

A) Finetune multilingual pretrained model— Strong baseline!
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We found that, depending on the subquality and target language, the optimal

amount of translated data for multilingual models can be as low as 5% and as CogmemmS———
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Does translation quality affect quality
predictions?
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